DenepanbHOE TOCYAapCTBEHHOE OI0KETHOE 00pa30BaTEIbHOE YUPEXKICHUE
BBICIIIETO 00Pa30BaHUs
«HoBocubupckuii rocy1apcTBEHHBIH TEXHUUECKHH YHUBEPCUTETY

Kadenpa nnocTpaHHBIX S3bIKOB

IHacnopr
pacueTHO-TpapuIecKoro 3agaHus (padoTol)

«IIuChbMEeHHBIN MEPEeBO/I € 3JIeMEHTAMU pedepupoBaHmsD)

o Moy "MHOCTpaHHBIN sI3bIK (MOIYIB)" IO MaTepHraiaM JUCHUTIINHBI « THOCTpaHHBIN SI3bIK
B IpoecCHOHATbHOM IeATENBHOCTHY, 1 ceMecTp

1. MeToauka OEeHKH
B pamkax PI'3 no aucuumniriHe acnupaHThl TOJKHBI BBITOIHUTD CIEAYIOUINE 3a/1aHUS:

3aganne | BBIMOIHUTH MMCHMEHHBIH MIEPEBOJT OPUTHHAIBHONW HAYYHO-TIPO(EeCCHOHAIBHOM
CTaThU IO HAINpaBJIeHUIO MOAr0TOBKU. O0beM 40 ThicAY MEeYaTHBIX 3HAKOB.

3ananue 2 Hanucats anaautuyeckuii 0030p (perensus- pedepar) cratbu (okosio 300 ciioB) Ha
AHIJIMICKOM SI3BIKE.

3ananue 3 Hanwmcath ananutudeckuii 0030p (perensus-pedepar) cratbu (okos10 300 ciioB) Ha
PYCCKOM SI3bIKE.

3ananue 4 CocTaBUTh TEPMUHOJOTHYECKHM CI0Baph IO cTaThe (TeMe ucciaeaoBanus). O0bem
coctapiisieT 100 TepMUHOB (TEPMUHOJIOTMUECKUX IPYIIIT).

[TpaBuna odopmuenust PI'3, aTambl BBHIMONHEHHS M TOPSAOK 3alIMTHI TPUBEICHBI B
«MeToaMYeCKUX YKa3aHUSAX MO BHITOJHEHUI0O MUCHhbMEHHOTO MEepeBOJa C AJIEMEHTaMHU
pedepupoBanuss mno aucuuniuHe «MHOCTpaHHBINH S3BIK B TpodeccCHoHaIbHOU
nestenbHoCcTU» Ans acnupantoB HI'TY (1 cemectp)»

Oos3aTesibHbIE CTPYKTYpPHBIE yacTu PI'3.

1. TurynbHBIN TUCT.

2. OpuruHagbHas HAyYHAS CTAThs HA aHTJIMHCKOM SI3BIKE.

3. TluceMeHHBbIH epeBos CTaTbU Ha PYCCKUH SI3BIK.

4. Aunamutuyeckuii 0630p (pereH3us- pedepar) crarbu (0kos0 300 cI0B) Ha aHTITHICKOM
A3BIKE.

5. Amnamutndeckuit 0030p (peuensusi-pedepar) crarbu (0kos0 300 cI0B) Ha pycCKOM
A3BIKE.

6. TepMUHOJIOTHUYECKH CIOBaph MO CTaThe (Teme uccienopanus). Oobvem cocrapmsier 100
TEPMUHOB (TEPMHUHOJIOTUYECKHUX TPYII).

OuennBaemble MO3ULMM:
1 TlucbMeHHBII 1 YCTHBIN MEpeBOJ] CTATHU.
2. AHarITIYIeCKHiA 0030p Ha aHTJIMHCKOM SI3BIKE
3. TepMUHOIOTUYECKHIA CITOBAPh



2. Kputepuu oueHKH
Kputepun onieHKu NUCbLMEHHOT0 MEPEBO/IA €O CJI0BapeM NMPodeccHOHATLHOT0
TeKCTA.

[TepeBoa cunTacTCs He BBINMOJHEHHBIM, €CIIM TEKCT IIEPEBEJICH HE B MOJIHOM oObeMe. MmeeTcs
3HAYMUTEILHOE KOJIMYECTBO NCKaKEHHI cMbIcia. HaydHBIN CTHIIL HE COOMIOACH.
Ouenka cocrasiisier 0 OasyuIoB.

3ajaHue CUYMTAaeTCd BBIIOJHEHHBIM HA IOPOrOBOM YpOBHE, €ClIM 3aJaHhe CUMUTaeTCs
BBITIOJIHEHHBIM Ha MOPOTrOBOM YPOBHE, €CIIU TIEPEBOJ] COACPKUT (PpakTrueckue omunoku. Huzkas
KOMMYHHUKAaTUBHOCTh U IUJIOXas «4YUTA0ENbHOCTh» TEKCTa 3aTPYAHSIOT €ro IOHHMaHue
peuentopoM. Ilpu mepeBojge TEPMHUHOIOTMYECKOTO ammapara HE COONIOJNEH IPUHIHIL
eanHooOpas3us. B mepeBosie HapylIeHbl CUCTEMHO-S3bIKOBbIE HOPMBI U CTHIIb SI3bIKa IEPEBOJIA.
HeanexBaTHO pemieHsl IpoOJIeMbl peanu3aluyd KOMMYHMKaTHUBHOIO 3ajaHus. Mmerorcs
HapylIeHus B (popme npeabsaBieHus IepeBoa.

Orenka cocrasiseT 10 oayuios.

3agaHue cYMTaeTCs BHIIIOJHEHHBIM Ha 0a30BOM YpOBHE, €CJIM IEPEBO/] MOIHbIHN, 0€3 MPOoIyCcKOB
U IPOM3BOJIbHBIX COKpAIllCHWH TEKCcTa OpUTMHalla, JOMyCKaeTcs ofHa (akTHdeckas OIuOKa,
IpU YCIIOBHHM OTCYTCTBHUS MOTEPh WHPOPMALMU U CTUIMCTUYECKUX MOTPEIIHOCTEH Ha IPYTHX
¢parmenTax TekcTta. lMeroTcs  HeCcylleCTBEHHbIE  IOTPEIIHOCTH B HCIOJIb30BAHUU
TepmuHosioruu. [lepeBon B JOCTATOYHOM CTENEHM OTBEYAET CUCTEMHO-S3BIKOBBIM HOpMaM M
CTWIIO si3blka mepeBoja. KynbTypHble U (DyHKIMOHAJIbHBIE MapaMeTpbl UCXOAHOTO TEKCTa B
OCHOBHOM aJICKBaTHO mepeanbl. KOMMyHUKAaTUBHOE 3aJjlaHUE PEATM30BaHO, HO HEIOCTATOYHO
ONTUMaJIbHO. J[OMyCKalOTCsl HEKOTOPbIE HAapyILlIeHUs B (pOopMe IpeabsBICHUS IEPEBOa.

Omnenka cocrasirsieT 15 0amos.

3aaHue CYMTAETCS BBINIOJIHEHHBIM Ha MPOABMHYTOM YPOBHE, €CIM IEpEeBOJ MOJHBIM, 0e3
IPOMYCKOB U NPOM3BOJBHBIX COKPAIIEHUH TEKCTa OpUTHMHAJIa, HE COJIEPKUT (PaKTHUUECKUX
omnOok. TepMHHOIIOTHS HCIIOJIb30BaHa MpPaBWIBHO W ennHooOpasHo. IlepeBox oTBeuaer
CUCTEMHO-SI3bIKOBBIM HOPMaM U CTWJIIO SI3bIKa NepeBojia. AJEKBAaTHO Mepe/laHbl KyJIbTypHBIE U
(GyHKLIMOHAJIBHBIE MapaMeTpbl UCXOAHOTO TEKCTa. J[omyckaroTcsi HEKOTOphIE MOTPELIHOCTH B
(dbopMe npeabsIBICHUS [IEPEBOIA, HE HCKAXKAIOIINE CMBICIIA.

Ouenka cocrasisieT 20 0ayuIoB.

Kputepumn onieHKH aHAJIUTHYECKOT0 0030pa (pedepara).

e 3ajaHUE CUYUTACTCd He BbINMOJHEHHBIM, €CIM OH HE COOTBETCTBYET MPEAJIOKEHHON
CTPYKType, HE OTpakaeT OCHOBHOTO COJCPKAHHS CTaThll W HE COJCPKUT OICHKU
AKTyaJIbHOCTH, 3HAYUMOCTHU, JOCTOBEPHOCTH.

Onenka cocrapinset 0 6anmoB

o Pabora cunTaeTcs BBIIOJHEHHON HA MOPOr0OBOM YPOBHE, €CIIU COJIep:KaHne 0030pa B 00IIeM
COOTBETCTBYET cojiepKaHui0 cTatbu. MHpopmarus 006001eHa, nmpoaHalIn3upoBaHa. TekcT
OpPraHM30BaH B COOTBETCTBUU C TpeOOBaHUSIMHU. J[OMyYIIEHBI HE3HAUYNUTENBHBIE JTEKCUYECKHE U
rpaMMaTHYeCKUe OIMUOKW.  JIOTHYHOCTh TeKcTa HE3HAYUTENIbHO HapylleHa. B dactu
BBIPQXXEHHS CBOETO MHEHHS 00 HCCIEeOBAaHUM OTCYTCTBYET apryMEHTUPOBAHHOCTh. He
COOIIOIEH OOBEM.

Orenka cocraBmisieT 5 6amIoB.

e Paborta cuuTaercs BBITOJHEHHOW Ha 0a30BOM YypOBHE, €CIHM COJEpKaHHe 0030pa B
OCHOBHOM COOTBETCTBYET cojepkaHuio cTaThl. MHpopmanus o0oOiieHa, mpou3BeneHa
KOMITPECCHSI, BBIJICIICHBI TJIABHBIC JIEMEHTHI. TEeKCT JIOTHYHO OpTraHW30BaH B COOTBETCTBHUH C
TpeboBanusimu. CoOmroneH  cTuiab. JlomymieHbl HE3HAUUTENbHBIE JICKCHYECKHE U



T'paMMaTH4YCCKUC OH_II/I6KI/I. Jlorn4yHOCTb TEKCTa CO6HIOI[CHa. B uactn BBIPpAXKCHUA CBOCTO
MHEHHUsI 00 UCCIIeIOBAHUH MTPUCYTCTBYET apryMEHTHPOBAHHOCTh. OO0BEM COOJIO/IEH.

Onenka cocrasisieT 8 6ayioB.

PaboTa cumTaeTcsi BBHIIIOJHCHHOW Ha MPOABHMHYTOM YPOBHE, €CIIM  COJEpKaHHe 0030pa
NOJHOCTBIO ~ COOTBETCTBYET  COJEpXKaHWIO  cTarbu.  MHbopmauus  06oOmieHa,
NpOaHAIM3UpPOBaHa. TEKCT OPraHW30BaH B COOTBETCTBHH C TpeOoBaHMsIMH. JIekcudeckue u
rpaMMaTH4YeCKHe OLIMOKM OTCYTCTBYIOT. JIOrMYHOCTH TekcTa He HapyuieHa. B wactu
BBIDQKEHUS  CBOEr0  MHEHUS 00  HWCCIICJJOBaHUM  MPHUCYTCTBYeT  OOOCHOBaHHAs
apryMEeHTHPOBAHHOCTh. SI3bIK COOTBETCTBYET HAayYHOMY CTHJIIO NMUCbMEHHOH peun. O0beM
COOTBETCTBYET TPECOOBAHHSIM.

Onenka cocraniser 10 Ganos.

Kpurtepun onieHKH TEPMHUHOJIOTHYECKOT0 CJI0BaP.
3aaHue CUNTACTCSI He BBIMOJHEHHBIM, €CITU TEPMUHOJIOTUYCCKUI CIIOBaph HE COCTABJICH.
Orenka coctasiseT 0 0ayUIoB.
3amaHue CYUTACTCS BBIMOJHCHHBIM Ha MOPOTrOBOM YpPOBHE, €CIIM TEPMHHBI HE BCET/a
COOTBETCTBYIOT HAITPABJICHUIO HCCIICIOBAHUS, IIEPEBOJI TCPMUHOB HE BCET/Ia TIPABHIILHBIM.
Or1eHka cocTaBiseT 5 0aios.
3amaHue CUMTACTCS BBIIIOJIHEGHHBIM Ha 0a30BOM ypOBHE, €CIM TEPMHUHBI OTOOpaHBI B
MOJTHOM 00beMe, HO HE BCE MEPEBEICHBI TOUHO.
O1eHka cocTaBiseT 8 0alUIoB.
3amaHue CYMTACTCS BHITIOJHEHHBIM HA MPOJABHHYTOM YPOBHE, €CIIM TCPMHUHBI BHIODAHBI B
IIOJIHOM 00beMeE, IIEPEBEICHBI B COOTBETCTBUU C PYCCKOW TEXHUUECKON TEPMUHOJIOTHEN.
Orenka coctasiseT 10 6amios.

3. HlIkaJuaa oueHkun

B o6meii onenke no aucuuruivie 0amibl 3a PI'3(P) yunTeiBatoTCsi B COOTBETCTBUU € MTpaBUIIaMU
0aJUIbHO-PEUTHHTOBOM CHCTEMBI, IPUBEIEHHBIMU B paboueil mporpamMme TUCIUILIMHBIL.

MakcumanbHbiii 06amn 3a BeimoiaHeHue PI'3, BkItouas MUCHMEHHBIN TEPEBOJ, aHATUTUYECKHUMA
0030p ¥ TEPMHUHOJIOTHYECKUI CI0Baph, cocTaBiseT 40 6anioB, MUHUMANbHBIHN 20.

CBs13b orieHKH 3a PI'3 ¢ 00111e# OIleHKOM 0 AUCIAILUINHE ITIOKa3aHa B TaOIHIIE:
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1 1 MNpakTuka YCTHaA W NUCBMEHHaA peyb Ha NPaKTUYECKU 40 151 |V
1 Pr3 MUCbMEHHBIN NEPEBOA C 3 NEMEHTaMU pedef 40 20 ¥
1 3aver 20 10 |V




4. TlpumepHblii nepeyens Tem PI'3(P)

O6pazern cTaThy 17151 TUCBMEHHOTO TIEPEBOIA C dJIeMEeHTaMH pedeprupoBaHUsl.
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1. Introduction

Power load forecasting is an essential tool for energy management systems. Accurate load forecasting
supports power companies to make unit commitment decisions and schedule maintenance plans appro-
priately. In addition to minimizing the power generation costs, it is also important for the reliability of
energy systems. This research study presents the implementation of a novel fuzzy wavelet neural net-
work model on an hourly basis, and validates its performance on the prediction of electricity consump-
tion of the power system of the Greek Island of Crete. In the proposed framework, a multiplication
wavelet neural network has replaced the classic linear model, which usually appears in the consequent
part of a neurofuzzy scheme, while subtractive clustering with the aid of the Expectation-Maximization
algorithm is being utilized in the definition of fuzzy rules. The results related to the minimum and
maximum load using metered data obtained from the power system of the Greek Island of Crete indicate
that the proposed forecasting model provides significantly better forecasts, compared to conventional
neural networks models applied on the same dataset.

© 2012 Elsevier Ltd. Open access under CC BY license,

Kalman Filtering models [4]. Most statistical based methods for
STLF are linear models which introduce certain assumptions
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